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Research Aims

 When making career decisions, when the number of 

alternatives to choose from can be large, the first step is 

prescreening of the alternatives and compiling a list of 

promising alternatives worthy of in-depth exploration (Gati & 

Asher, 2001). 

 The present research developed and validated indicators 

for assessing the quality of such a list.
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List Quality 

 Gati and Ram (2000) suggested two indicators for 

assessing list quality:

(i) the number of alternatives on the list

(ii) the similarity among them

 Based on theoretical rationale, we identified a third 

indicator:

(iii) the number of career clusters represented

by the occupations on the list
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List Quality – List Length 

 “The magic number 7 + 2” (Miller, 1956). 

 Young adults deliberating about their future career regarded a 

“recommended list” with 7 alternatives as the optimal list length 
(Gati, Kleiman, Saka, & Zakai, 2003).

 A list shorter than 5 (i.e., 7-2) might impede further 

advancement in career decision-making.

 A list longer than 9 (i.e., 7+2) might result in choice overload 

(Chernev, Böckenholt, & Goodman, 2015), and higher regret from 

unsatisfactory choice (Sagi & Friedland, 2007). 
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List Quality – Similarity among the 

Promising Alternatives

 Similarity makes it easier to compare the promising 

alternatives, thereby decreasing choice overload 

(Chernev et al., 2015) and regret from unsatisfactory 

choice (Sagi & Friedland, 2007).
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List Quality –

Number of Career Clusters 

 Career clusters – in terms of Holland's (1997) RIASEC 

types or Roe's (1956) occupational fields. 

 A small number of career clusters represented by the 

occupations on a list shows that the individual has a 

sense of future direction.

 This indicator partially overlaps, but is not identical, to 

the similarity among the promising alternatives indicator. 

For example, the similarity can be fairly great (e.g., 

accountant and economist), but the occupations can 

represent different career clusters (CSI and IAS in terms 

of Holland’s codes).
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Study 1 – Goals

 To refine and operationalize the three indicators for 

assessing list quality.

 To validate them by comparing them to the 

judgments of career counselors and graduate 

counseling students (e.g., Gati & Blumberg, 1991; Gati & 

Ram, 2000; Shimoni, Gutentag, & Gati, 2019). 
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Study 1 – Method

 Participants

o 20 career counselors (all women; Mage = 49, all with at least an 

M.A. in psychology or counseling, mean seniority 21 years).

o 103 graduate students in psychology or counseling 
(89% women; Mage  =35). 

 The Occupational Database 
The goal of the Making Better Career Decisions (Gati, 

1996) is to locate a small set of promising alternatives, 

by matching the individual's preferences in 31 career 

aspects with the corresponding properties of 305 

occupations (Gati, Fassa, & Mayer, 1998). 
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Study 1 – Method (cont.)

 Questionnaire

➢a page about demographics

➢a page of instructions

➢a page with a practice list

➢18 lists of occupations, varying in 

• length (short [3-4], intermediate [6-7], and long [11-15])

• homogeneity (in terms of the similarity among the 

occupations and the number of career clusters)
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Study 1 – Method (cont.)

 Procedure

o The questionnaires were distributed to career 

counselors during professional meetings

and to graduate students during classes. 

o They were asked to rate how helpful each of the 19 

lists is for engaging in in-depth exploration. 
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1 2       3      4      5      6      7      8     9

not good at all                                         very good



Study 1 – Preliminary Analyses 

 Inter-judge Agreement

 The correlation between the mean career counselors' 

and the mean students' list quality ratings was very 

high (r = .91, p < .001). 

 The degree of agreement among career counselors 

(Kendall’s W = .51) was higher than that among 

graduate students (Kendall’s W = .26). 

 Therefore, we report the results separately for each 

group. 
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Study 1 – Results

Descriptive Statistics and Intercorrelations between 

List Quality Indicators 
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Indicator Mean SD 1 2

1. List length (absolute gap from 7)
3.05 2.68 --

2. Similarity among promising

alternatives 0.87 0.31 -.02 --

3. Number of career clusters 2.95 1.13 .26 .44*

Note. * p < .05.



Study 1 – Results

The Associations between Rated 

and Computed List Quality
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Indicator \ Quality ratings Counselors Graduate Students

List length (absolute gap from 7) -.36 -.49*

Similarity among promising     

alternatives -.54** -.59**

Number of career clusters -.72** -.78**

Overall list quality index -.77** -.89**

Note. * p < .05,  ** p < .01.



Study 1 – Results

Predicting Career Counselors’ List Quality Ratings

(only one statistically significant predictor)
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R2 β SE β B

Number of career clusters .52 -.72 .23 -.93



Study 1 – Results

Predicting Graduate Students’ List Quality Ratings
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R2 β SE β B

Step 1 .61

Number of career clusters -.78 .17 -.71

Step 2 .70

Number of career clusters -.70 .15 -.63

List length (absolute gap from 7) -.31 .15 -.28

Step 3 .81

Number of career clusters -.53 .12 -.48

List length (absolute gap from 7) -.36 .11 -.32

Similarity among occupations -.37 .11 -.33



Study 2 - Aim

 To validate the proposed indicators by examining their 

association with career preference cohesiveness. 

 Cohesive career preferences – preferences that are 

well defined and focused are preferred for prescreening 

(Shimoni et al., 2019).

 We predicted that higher list quality would be associated 

with greater cohesiveness.
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Study 2 – Method  
The Two Data Sets Analyzed 

 Career preference cohesiveness for the six cases 

reported in Shimoni et al. (2019; Study 2):

 The mean cohesiveness ratings of career counselors  

and graduate students.

 The computed preference cohesiveness index. 

 List quality for each of the six cases from Study 1: 

 The mean ratings of list quality of career counselors and 

graduate students.

 The computed list quality index. 
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Study 2 – Results and Discussion

Pearson Correlations between 

List Quality and Preference Cohesiveness 
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List Quality

Preference 

Cohesiveness Computed

Career 

Counselors'

Ratings

Graduate

Students'

Ratings

Computed .62 .55 .67

Career 

Counselors' 

Ratings  .56 .45 .61

Graduate 

Students' Ratings  .52 .39 .57



Discussion

We developed and validated list quality indicators, 

using experts' judgments (Study 1), and by assessing their 

association with preference cohesiveness (Study 2). 

The number of career clusters

 The most prominent predictor of list quality. 

 Holland (1997) recommended deriving a 3-letter RIASEC

code for each client, and use it to compile a list of promising 

occupations using the Occupations Finder (Holland & Messer, 

2017). This constrains the number of career clusters to be 

constant – 3 for all lists.

 However, if they given the option, experts do consider the 

number of career clusters, in the present as in previous 

studies (Gati, 1991; Gati & Blumberg, 1991). 19



Discussion (cont.)

Counseling Implications

 List quality indicators can be integrated into 

self-directed computerized programs that could prompt 

users to seek out professional career counseling in 

cases where the recommended list is suboptimal. 

 Counselors can use the indicators to detect suboptimal 

lists, and work with the counselees to fine-tune the list 

until achieving an optimal one.
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Discussion (cont.)

Limitations 

 Expert’s sample size

 Generalizability 

Future Research

 The effect of specific patterns of list quality indicators 

(e.g., a long list with only a few career clusters) on the 

advancement in the career decision-making process.

 Quality of the in-depth exploration and choice stages.
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